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Research on Missing Value Filling of Industrial Process Data Based on Correlation Factors
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Abstract: This paper analyzes the characteristics of process data in coal
chemical enterprises and the effect of different methods for filling in
the lack of process data, and puts forward an industrial missing data
filling method based on correlation factor. By introducing correlation
factors, the traditional time series method is improved to improve
the accuracy of industrial missing data estimation. The experimental
results verify the effectiveness of the proposed method.
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